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H multi-omics technologies and machine learning methodologies holds great
|ntr0duct|0n promise for improving personalized cancer care. Future research should
focus on expanding the dataset, incorporating additional omics layers, and
validating the models in clinical settings to further enhance their applicability
and reliability.

Cancer remains one of the leading causes of mortality worldwide, with
diverse genetic and molecular profiles contributing to variable treatment
responses. Traditional approaches to cancer treatment often fail to account for
the individual variability in drug response, leading to suboptimal outcomes.
The advent of multi-omics technologies, which encompass genomic, ACkﬂOWledgement
transcriptomic, and proteomic data, provides a wealth of information that
can be harnessed to understand the complex mechanisms underlying drug None.
response. Machine learning, with its capability to handle large and complex
datasets, offers a powerful tool for integrating multi-omics data to predict drug
response. This study aims to develop and validate machine learning models
for predicting drug response in cancer patients using multi-omics data, with
the goal of advancing personalized cancer treatment [1]. None.
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Conclusion

This study demonstrates the efficacy of integrating machine learning
algorithms with multi-omics data to predict drug response in cancer
patients. The developed models provide a robust framework for identifying
key biomarkers and optimizing treatment strategies, advancing the field of
precision medicine. While challenges persist, the continued evolution of
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